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Appendix B. Data Appendix

Figure B.1. Histogram of transactions. Number of transactions per year in database.
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Table B.I
Comparison of Database

We present a comparison of our database to another available database provided by PeerComps. The PeerComps

database is compiled from small business loans. We report data on key financials, geographic distribution, time series

distribution and distributions of transactions by state and industry.

PeerComps Pratt’s-Stats

Financials (Median)

Price ($000) 872.8 342.3

Price/Sales 0.70 0.54

Net Sales ($000) 1,575.8 732.1

Observations 6,977 16,969

State Distribution

Top 3 (FL, CA, TX) 37% 44%

Top 5 (add GA, CO) 46% 51%

Top 10 (add AZ, PA, MA, OR, NC) 60% 63%

Time Series Distribution

2001-2007 60% 46%

Peak Year 11% 9%

2001-2010 77% 68%

Industry Distribution

Manufacturing 16% 12%

Health Care and Social Assistance 14% 4%

Retail Trade 14% 20%

Professional, Scientific, and Technical Services 13% 5%

Accommodation and Food Services 10% 19%

Other Services (except Public Administration) 8% 14%

Others 25% 26%
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Appendix C. Decomposition of Best Places Measure

To distinguish the effects of local economic characteristics from the effects of non-economic

characteristics on livability, we develop a new and separate measure of livability based on a decom-

position of the best places variable. While best places surveys do not directly disclose their full

methodology or their weighting matrix, they do publish a list of public data sources. Using similar

data sources as the surveys in the sample, we attempt to replicate an ordinal ranking of desirable

places based on both non-economic and economic characteristics.

In order to understand how non-economic characteristics affect the livability of an area, we

regress the best place dummy on non-economic variables that may be related to livability of an area

but not directly related to its economic prospects. We include proxies for local QOL characteristics.

These include proxies for the occurrence of extreme weather, the average annual total precipitation,

the average mean hours of sunlight in January, and the mean humidity in July. To capture the

potential existence of historical amenities, such as museums, established cultural and historical

sites, we use the CBSA’s population in 1900. Finally, we include two measures of the topographical

features of the CBSA. We include the percentage of the area of the CBSA covered by water and

the land surface topography code from the Department of Agriculture (DOA), which measures the

diversity of landscapes within the CBSA.

We run a logistic regression of the best place dummy on these non-economic variables. Ta-

ble C.IA reports the results of the logistic regression. We standardize the coefficients to reflect

the marginal effect of a one standard deviation change in the underlying variable and report odds

ratios. The non-economic variables have coefficients that we would expect. Areas that had a large

population as of 1900 (our measure for cities with more abundant historical and established civic

institutions) are more likely to be listed as a best place. Further, areas with reduced rainfall and

areas with more water and more diverse topographical landscapes are more likely to be in the group

of best places.

Since we want to isolate the components of livability only related to the non-economic character-

istics of an area, we run the logit regression with both the non-economic variables highlighted above

as well as the economic controls used in the previous sections. Although many of the non-economic

variables are no longer significant, they are jointly significant maintain the same sign. None of

the statistically significant variables in the non-economic only regression switch signs, though some

lose statistical significance indicating that they may be correlated with the economic variables.

Table C.II and Table C.III of the Data Appendix report the top ten CBSA’s for each component.

Using the coefficients from this combined regression, we generate a non-economic livability

measure for each CBSA over the sample period. We do this by multiplying the underlying unstan-
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dardized coefficients from the logit regression in column three of Table C.IA for our non-economic

variables by the value of each variable for each CBSA-year combination in the sample. This gives the

portion of livability of each area that is due to the non-economic variables and that is independent

of the economic variables by construction.1

We then test if the livability associated with non-economic characteristics of a location, as

represented by the measure, affects the transaction price. To do this, we regress the log(Price)

for each transaction on their non-economic component value for each CBSA-year as well as the

company financials, economic controls, and industry, state, and time fixed effects. A positive

significant coefficient on the measure indicates that the non-economic characteristics of a desirable

area induce a premium.

Table C.IB reports the results of this regression. The coefficients on the non-economic compo-

nents represent the marginal effect of a one standard deviation change in the underlying component.

The non-economic component is a significant determinant of firm price premium as measured by

the log(Price) of the target firm. A one standard deviation increase in the non-economic compo-

nent of best places is associated with an approximately 7% increase in the price of a target firm.

The significant positive premium associated with the non-economic characteristics persists after

controlling for the identifiable economic characteristics of the city.

Additionally, we provide one further check using one of our subsamples. We split the sample

between private and public buyers. Only private buyers would benefit from the non-economic

component of a desirable location. Therefore, we would expect private buyers to load positively on

the non-economic components, while public buyer loading would be expected to be insignificant.

Table C.IB provides the results of this analysis. The non-economic component has a significant

positive loading for private buyers and an insignificant loading for public buyers. This provides

further evidence that there is a significant positive premium for firms located in desirable locations,

which is distinct from the location’s expected economic growth and supports the hypothesis that

the buyer pays a premium for personal benefits that a desirable location provides. Additionally,

the use of this measure should alleviate concerns regarding the lack of an ordinal ranking for best

places in our prior analysis.

The measure for the non-economic components of livability could be a tool for future research

into the effects of geographic location on firms and the local economy. Since the non-economic

component of the measure has a low correlation with the economic component, the measure could

be used as a potential instrument for the livability of a location that is independent of the local

economy but for its effect on attracting entrepreneurs. Furthermore, our decomposition could

1The results are robust to performing a similar analysis using a linear probability model (LPM), indicating that
the non-linearity from using a logit model in the predictive regression does not drive the results.
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prove useful for policy makers when evaluating the effects of public investment. For instance, we

show that increasing the quality of the local schools or encouraging recreation is correlated with a

premium for company prices paid by buyers.

Table C.I

Panel A reports the odds ratios from running a logit regression of the BP dummy (= 1 if the CBSA is deemed a

Best Place) on non-economic and economic geographic controls. We include all CBSA’s for which we have data, as

described in the text. The population, population density, and % of population with a Bachelors or higher is from

the US Census. Weather data is from NOAA. % of Water and Topography Codes are from the US Department of

Agriculture Economic Research Service. We provide complete variable definitions and sources in the Appendix. All

variables are standardized to mean zero and standard deviation of 1. Therefore, coefficients are the marginal effect

for a one standard deviation change. Robust standard errors clustered on CBSA are reported in parentheses for the

coefficients. Panel B reports the results from running a regression of the natural log of the price for a transaction

on various financial variable controls and the non-economic components measure. The Best Places measures were

generated by first running a logit regression of a Best Place(dummy= 1 if CBSA is deemed a Best Place) on a

series of non-economic and economic variables. We then generated a measure of BP from the predicted components

for the non-economic variables using the coefficients from the logit regression in Table C.I.A. The BP measure is

standardized, such that the coefficient is the marginal change for a one standard deviation change in the measure.

The remaining controls are the same as described in the main body of the paper. Industry fixed effects are run on

FF-48 industries. Robust standard errors clustered on CBSA are reported in parentheses. *** indicates significance

at 1%, ** at 5%, and * at 10%.

(A) Predictors of Best Places

Dep. Var.: Best Place = 1 Non-Economic Economic All

Non-Economic

ln(Population in 1900) 1.347*** 0.751
(0.245) (0.471)

ln(Precipitation) −0.854*** −1.022**
(0.285) (0.446)

ln(No. Days greater than 90 F) −0.376* −0.369
(0.217) (0.278)

ln(No. Days less than 20 F) −0.0368 0.264
(0.241) (0.392)

ln(Mean Hours of January Sunlight) 0.336 −0.0884
(0.239) (0.233)

ln(Mean July Humidity) −0.0180 0.489
(0.273) (0.419)

ln(% of Water) 0.369** 0.443**
(0.184) (0.222)

Land Surface Topography Code 0.377** 0.272
(0.171) (0.214)
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Table C.IA (Cont.)

Dep. Var.: Best Place = 1 Non-Economic Economic All

Economic

% of Households with Inc.> $200K 0.333 0.749***
(0.219) (0.271)

% of Pop. w/ Bachelors or higher 1.164*** 1.039***
(0.204) (0.254)

ln(Population) 1.342*** 0.957**
(0.254) (0.421)

ln(Pop. Density) −0.829*** −0.763**
(0.259) (0.307)

ln(Tax Burden) 0.209 −0.126
(0.187) (0.177)

ln(Median Home Price) 0.182 −0.246
(0.240) (0.303)

5-year Pop. Growth −0.297 0.287
(0.213) (0.277)

5-Year PCPI Growth −0.000166 0.0645
(0.108) (0.131)

5-Year Job Growth 0.830*** 0.526**
(0.214) (0.243)

5-Year Home Price Growth −0.183* −0.0545
(0.101) (0.108)

Pseudo R2 0.202 0.367 0.431
Obs. 6,152 6,152 6,152

F-Statistic of Non-Economic 58.87*** 16.90**

F-Statistic of Economic 90.42*** 69.62***
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(B) Amenity Measure

Buyer Type

Dep Var = log(Price) No Controls Controls Private Public

Best Place

BP Index-Noneconomic Components 0.0658*** 0.0744*** 0.0840*** −0.0389

(0.0230) (0.0271) (0.0292) (0.0547)

Firm Financials

ln(Sales) 0.964*** 0.959*** 0.832*** 0.757***

(0.00891) (0.00919) (0.0141) (0.0194)

(OP/Sales) 0.390*** 0.418*** 0.849*** 0.244*

(0.106) (0.103) (0.0696) (0.128)

Employment Agreement in Place −0.0389* −0.0332 0.0931*** −0.151**

(0.0228) (0.0229) (0.0213) (0.0652)

Geographic Controls No Yes Yes Yes

Additional Controls No Yes Yes Yes

Industry FE Yes Yes Yes Yes

Year FE Yes Yes Yes Yes

State FE Yes Yes Yes Yes

Adj. R2 0.851 0.852 0.734 0.598

Obs. 8,188 8,101 6,291 1,806
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Table C.II
Top Ten CBSA’s from Non-economic Variables

These are the Top Ten CBSA’s as measured from the analysis in Table C.IB using the non-economic variables. Each

CBSA was ranked based on its values for 2012.

CBSA Name

Los Angeles-Long Beach-Santa Ana, CA

San Francisco-San Mateo-Redwood City, CA

New York-Wayne-White Plains, NY-NJ

Lynchburg, VA

Winchester, VA-WV

Providence-New Bedford-Fall River, RI-MA

Pittsburgh, PA

San Diego-Carlsbad-San Marcos, CA

Chicago-Naperville-Joliet, IL

Charlottesville, VA

Table C.III
Top Ten CBSA’s from Economic Variables

These are the Top Ten CBSA’s as measured from the analysis in Table C.IB using the economic variables. Each

CBSA was ranked based on its values for 2012.

CBSA Name

San Francisco-San Mateo-Redwood City, CA

San Jose-Sunnyvale-Santa Clara, CA

Bethesda-Frederick-Gaithersburg, MD

Bridgeport-Stamford-Norwalk, CT

Cambridge-Newton-Framingham, MA

Denver-Aurora, CO

New York-Wayne-White Plains, NY-NJ

Boulder, CO

Seattle-Bellevue-Everett, WA

Austin-Round Rock, TX
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